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A SURVEY OF BIG DATA ANALYTICS

MAYUR GANPAT SAKPAL, SREELAKSHMI NAIR

Abstract—

In the information era, enormous quantity of data have become present on hand to decision makers. Big data mention to datasets that

are not only big, but also high in variation and speed, which makes them hard to handle using conventional tools and techniques. Due

to the speedy growth of such data, solutions need to be studied and provided in order to handle and extract value and knowledge from

these datasets. Further, decision makers need to be able to gain valuable insights from such diverse and fast changing data, ranging

from daily deal to customer interactions and social network data. Such value can be provided using big data analytics, which is the

application of developed analytics techniques on big data. This paper aims to analyze some of the different analytics methods and

tools which can be applied to big data, as well as the chance provided by the application of big data analytics in various conclusion

domains.

Index Terms: big data,methods,results,analytics

INTRODUCTION:

Big data analytics is the often a conglomerate
process of examining large and varied data sets,
or big data, to uncover information -- such as
hidden patterns, unknown correlations, market
trends and customer preferences -- that can help
organizations make informed business decisions.
Big Data is a term used to express a collection of
data that is huge in size and yet growing expo-
nentially with time, which means that data to be
handled is so large and complex that none of the
traditional data management tools are able to
store it or process it efficiently. The main goal of
big data analytics is to help companies make
more informed business decisions authorize
data scientists, predictive model, and other bi
data analytics professionals to analyze large vol-
umes of transactional data, as well as other forms
of data that may be untapped by more conven-
tional Business That coul‘pdP include Web server
logs and Internet click stream data , social media
content, contents from customer emails and sur-
vey response Big data can be analyzed with the
software tools commonly used as part of ad-
vanced analytics disciplines such as anticipat
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ing analytics, data mining, text analytics and
statistical analysis. Mainstream BI software and
data visualization tools can also play a important
role in the analysis process. But the semi-
structured and unstructured data may not fit
well in conventional data warehouses zased on
relational databases. Additionally, data ware-
houses ma

not be ab?]e to handle the processing demands
posed by sets of big data that need to be updated
regularly Those technologies form the core of an
open source software framework that supports
the processing of large and varied data sets
across clustered systems.

METHOD:

In terms of method, big data analytics dissimilar
importance from the common statistical ap-
proach of test design. Analytics

starts with data. Ordinarily we model the data in
a way to explain a response. The purpose of this
approach is to predict

the response behaviour or understand how the
input variables

relate to a response. Normally in statistical exper-
imental designs, an experiment is developed and
data is recover as a re

sult. This allows to generate data in a way that
can be used by a statistical model, where certain
conclusion hold such as independence, routine,
and unsystematic. In big data analytics, we are
presented with the data. We cannot design an
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experiment that satisfy our favourite statistical
model. In large-scale applications of analytics, a
large amount of work (normally 80% of the ef-
fort) is needed just for cleanse the data, so it can
be used by a machine learning model. We don’t
have a single technique to follow in real large-
scale applications. Normally once the business
problem is defined, a analysis stage is free from
design the methodology to be used. However
general guidelines are applicable to be mentioned
and apply to almost all problems. One of the
most important tasks in big data analytics is sta-
tistical mode ling, meaning supervised and un-
supervised grouping or backsliding problems.
Once the data is cleaned and pre processed,
available for mode ling, care should be taken in
evaluating different models with reasonable loss
metrics and then once the model is implemented,
further evaluation and results should be report-
ed. A common pitfall in predictive mode ling is
to just implement the model and never measure
its performance.

RESULTS:

ublications from the first paper recognize in
this study, from 1996 until today. While there
were smaller than four publications from 1996 to
2012, it should be noted that there has been a
steady grow in relevant %ublications startin% in
2013 and peaking at25 published papers in 2016
Since then, the number of papers published has
grow less. It is noteworthy that the proportion of
papers dealin}gl with very ”I%edﬁc product-related
maintenance has getup . These papers often ad-
dress specifics of maintenance that are related to
the design of the product, rather than the actual
nurture or data analytics-based maintenance of
the corresponding produce processes. These pa-
pers have therefore been filtrate out, leading to a
decrease in the overall number of papers. It
should also be mentioned that some of the 2017
contributions may not have been fully indexed at
the time the databases were searched.

DISCUSSION:

The first applicable publication dated back to
1996. Even

though the term “big data” was introduced early
2000, the paper of 1%96 can be categorize, under
big data from today’s view with reference to the
technology at that time and the approach made.
The number of publications was in comparison
low, with a maximum of three per year until
2012. The number of publications per year in-
crease from 2013 onwards and peaked at 25 in
2016. It should be noted that onlljy papers up to

187

December 2017 were considered (indexed up to
February 2018). It is likely that this number will
change during the year. Overall, it can be seen
that research efforts in big data analytics in the
field of maintenance within production or manu-
facturing is growing, year on The three Vs of bi
data could be found in most papers, starting witﬁ
the heavy volume of data used as the basis for
big data analytics. We initial intended to classif
the existing writings on an ordinal scale for eac
of the three Vs. One problem that arose during
extraction of the papers was that very few au-
thors give concrete numbers on the amount of
data and data sources they had considered when
writing their papers. Volume form.: the rationale
:supporting analysing the volume of data was to
quantify how much was being used to develop
analytical models. In extra words, how much da-
ta was required for the models to work and how
much training data for all types of learning algo-
rithms were available. Only a few writer give de-
tails in their present some instance, the volume of
historical data. For example, one benefaction
stated that they used the previous 60 days of data
to build a predictive model. speed aspect: the
idea behind mapping research efforts to this at-
tribute of big data was to get an idea of how the
analytical models cope with the speed of incom-
ing data (data collecting, is a common technique
used to handle the velocity aspect, among other
things). We hoped that best-practice solutions
could be identified in order to give clear hints to
other research teams. As with the volume aspect,
most authors gave very few details on this aspect
of their work. This aspect needs to be looked fur-
ther by reviewers of those contributions, since
validation and verification of results is made im-
possible

CONCLUSION:

The aim of this research was a literaturebased
evaluation of the application of big data analytics
in maintenance. so seven research questions were
formulated, in context of which the reports—based
research was conducted. A systematic approach
was chosen for the research process, including a
search and strain strategy. The resulting papers
were grade based on defined arrangement. and
then envision Based on these categorised papers,
it was possible to answer the research questions
definecF at the beginning. In summary, there is an
visualize trend towards applying big data analyt-
ics to maintenance. It is noticeable that different
data analytics methods and technologies were
used in combinations, even though predictive
analytics appears the most popular in recent
years. character. and machine learning are the
most commonly applied when it cover technolo-
Eies. Alongside a general trend to word sampling

ig data analytics to maintenance, a activity.
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